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Segmentation and Life as Symbolic Code:
Exploring the Potential of LLMs for Scientific
Understanding

Seohyun Lee*

Segmentation, a fundamental structure in human language comprehension, also plays a central role
in the architecture of artificial intelligence technologies, particularly large language models (LLMs).
The linguistic mechanism by which continuous streams—such as speech or text—are divided into
meaningful units closely mirrors the operational principles of LLMs. This structural resonance offers
promising avenues for the analysis and reconstruction of scientific information. Drawing from the au-
thor's experience in epigenetics research, this article examines how biological signals—such as DNA
sequences and chromatin states, represented as symbolic strings—can be segmented, encoded, and
interpreted by language models, shedding light on emerging approaches to scientific knowledge discov-

ery.

* Graduate School of Interdisciplinary Information Studies, Interfaculty Initiative in Information Studies, the University of Tokyo

Key Words : Segmentation, Language comprehension, Large Language Models (LLMs) , Artificial Intelligence (AI) , DNA
sequences, Encoding.
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